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Abstract: In exploration seismic, the seismic velocity is the key to delineating many physical properties of the subsurface. There are ways to
calculate the velocity and, most popularly, it is picked manually for any seismic project. The velocity picking method has a few limitations
when it comes to its quality, time consumption in this process, and the money spent during the whole work. The main objective of this paper is
to provide velocity estimation of the respective region (three-dimensional seismic) derived from the velocity field available in the region from
a few 2D seismic lines. The purpose is to avoid manual velocity picking errors and make the overall velocity in the region more geologically
consistent with the surrounding data. Even more importantly, a seismic velocity volume assessment model created through this technique can

also support any future 3D seismic imaging.
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1. Introduction

The sole purpose of seismic exploration is to image the earth’s
interior, where the velocity of seismic waves is the vital element [1].
Starting from 2D seismic data acquisition, the industry has come a
long way in the last few decades. The 2D seismic data acquisition
and its imaging has always been a challenge. The out of plane
energies, diffractions, and multiples have always made it difficult
to clean the seismic dataset at pre-processing stages. This also
affects the appropriate velocity estimation in the 2D seismic
dataset. The inaccuracy in the velocity leads to a geologically
incorrect positioning of the geological structures, which causes a
discrepancy in the final imaging of the data. It is also not very
easy to pick velocities on a 2D seismic data compared to the 3D
seismic data. These challenges exist in all 2D seismic datasets be
it land, marine, or transition zone data acquisition. Velocity
computations are made methods based on analysis of seismic
data [2]. A detailed and accurate velocity helps to extract precise
subsurface imaging of seismic data. This provides an accurate
structural interpretation and then subsequent research or associated
study of the area.

The manual velocity estimation with the help of seismic data
has been both expensive and time consuming [3]. Velocity
picking requires people with extensive experience in seismic data
processing and a good understanding of geology as well as the
behavior of seismic waves [3].
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To increase efficiency and reliability and save time and keep
velocity picking inexpensive, it is important to find an effective
and relatively fast method for automatic velocity picking [4].

Jietal. [5] proposed a method of velocity interpolation with the
help of existing structures in the seismic and, to do so, Ji et al. [5]
picked sparse velocity in the study and then performed structure-
oriented velocity interpolation (SOVI). The method was used to
interpolate 3D seismic velocity with sparse 3D seismic velocity as
a guide. Based on the method proposed by Ji et al. [5], the
authors are proposing the velocity estimation of a 3D seismic
volume based on the surrounding 2D lines. The purpose is to
avoid picking velocities if we have enough velocity information
from nearby lines. A seismic velocity volume created through this
technique can also support any future 3D seismic imaging. This
method can be extended to more nearby datasets and can be used
as a regional velocity for future use.

The proposed method in this work estimates the seismic velocity
of the study area and its surroundings, this helps to address if there is a
picked 2D seismic velocity anomaly. This also helps to improve the
seismic data processing processes directly associated with velocity
estimation, like de-multiple, migration, etc [6].

Having a 3D image is always useful for the presentation and
interpretation purpose in any seismic study. It brings precision to
drilling even in complex geology [7]. The final 2D imaging often
get affected by the off-plane 3D effects. The proposed method
helps in getting rid of such anomaly as well as it reduces the
weeks of hard work of manual velocity picking to a few days of
work of either same or better a quality output.

For any geological area, be it new or already explored, if there is
an existing 3D imaging or 3D-velocity volume, then it is always
useful for further work or reference. A 3D subsurface attribute
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talks more about the regional geological settings beneath earth [7].
An existing or easily derived robust 3D velocity volume can save
thousands of dollars of manual velocity picking for any 3D or 2D
seismic of the study area and can save many weeks of time used
in manual picking.

2. Literature Review

The literature review for this work considers many works done
to estimate the seismic velocities. Chen and Sidney [8] mentioned
that seismic attributes can be classified as either horizon-based
attributes or sample-based attributes. Most of the work is done on
only sample-based attributes. Hampson et al. [9] proposed the
conventional crossplot method to estimate sample-based seismic
attribute. Schmidt and Hadsell [10] as well as Fish and Kusuma
[11] developed automatic velocity picking methods that were
based on neural network. Later, with the use of the neural
network, Calderon-Macas et al. [12] proposed a simulated
annealing technique, Smith [13] proposed a clustering algorithm,
Ma et al. [14] proposed a convolutional neural network, and
Biswas et al. [15] proposed a recurrent neural network. These
methods are capable of picking velocity automatically, but the
stacking velocity estimation by these works is not very accurate.
This is simply because the simple neural network models do not
have a very strong learning capacity [16]. Pedersen-Tatalovic
et al. [17] presented a work based on horizon-based attribute and
modeled seismic attribute porosity for a small 3D area.

All these works were carried out on 3D seismic dataset. Apart
from the above-mentioned work, Whiteside et al. [18] worked on
creating 3D seismic volume from a set of 2D seismic lines.
Duchesne et al. [19] worked on Kriging with an external drift
(KED) method to improve seismic velocity for a 2D line.

The work done by Whiteside et al. [18] is creating a 3D imaging
volume from several imaged 2D lines. The process was tested on some
field examples. Duchesne et al. [19] showed how the KED approach is
better than linear interpolation for one line and the work is important for
the presented work because it talks about the importance of vintage
datasets and its significance for the future work of exploration in
new areas. However, Yao et al. [20] showed in their work that the
Kriging algorithm struggles without any guidance of structural
information. Hale [21] proposed a blended neighbor interpolation
that was based on image-guided interpolation for geophysical
properties that can be extended to seismic velocity. Zabihi Naeini
and Hale [22] advocated for an extension of image-guided
interpolation, but they also require interpreted horizons to help
stabilize the interpolation for poor seismic.

Ji et al. [5] suggested a combination of several works. In this
work, picked velocities were considered as seed points and are
then interpolated (and extrapolated). These seed points belonged
to a 3D volume, and the output was a fully populated 3D velocity
cube with values at each grid point. This approach is fully
automatic and completely driven by the structure-oriented
smoothing process.

Based on the guidance from above literatures review, the
authors used SOVI proposed by Ji et al. [5] and worked on
horizon-based attributes (seismic horizons) and sample-based
attributes (seismic velocity) for the input 2D dataset to predict the
3D dataset.

2.1. Theoretical framework

Interpolation is always required to get the measurement of any
attribute in geophysical exploration.

We can assume a set of K known samples as:

F=Afi, foy oo eevveeveey fic} (1)
for fy € R, that corresponds to a set
X={x, x5, cov vev iy X} )
of K known sample points x;, € R".
We can make a set from these two sets as:
]C = {(fh x1)7 (f27 xZ)a [EEE] (fK7 xK)} (3)

of K known sample. These K samples are scattered and the scattering
in a way that the n-dimensional sample points in the set X’ may have
no regular geometric structure. The interpolation problem is to use
the known samples in K to construct a function g(x) : R" — R,
such that q(x;) = f;.

There exists an infinite number of functions q(x) that satisfy the
conditions of the interpolation g(x;) = f;. Hence, this problem has
no unique solution.

Hale [21] proposed an image-guided interpolation by using
blended neighbor interpolation in two steps.

Step 1: solving the Eikonal equation:

Vit(x).D(x). Vt(x) =1, x¢ A}
=0, xc X (4)
for,
t(x): the minimum travel time from x to the nearest known sample
point x;,
and

p(x): the value f; corresponding to the sample point x;, nearest to the
point x.

Step 2: solving the smoothing equation

ax) — 3 V. PPV = p(x) ©

for g(x)

The D(x) is a metric tensor field. It contains spatially varying
coefficients.

3. Research Methodology

3.1. Research design

The data used for the research work are open file data and are
freely available for anyone to download from the Geoscience
Australia’s  seismic  library  (https:/nopims.dmp.wa.gov.au/
nopims). A total of 73, 2D seismic lines belong to the same
geological area were used. These multi-vintage seismic lines
belong to 12 different seismic surveys conducted between the year
1973 and 2013. The data acquired over these four decades have
impacted a lot on the data quality because of the technological
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evolution of four decades. But geology, i.e., the subsurface structure and
its physical properties, almost remains the same [23].

The data used in this work are 2D seismic; therefore, the
authors framed the 2D seismic attributes into 3D seismic
attributes. The 3D seismic grid was defined to perform the
research work and consequently, the data of the 2D seismic were
mapped to the defined 3D seismic grid based on the geospatial
positioning (X and Y coordinates) of the seismic, velocity, or
structural dataset.

Based on the data under consideration, the authors have
extended and “built upon” the approach of Ji et al. [5] to predict
the velocity for the best possible imaging of the earth’s internal
structure. In this research work, the input dataset is 2D and then
the 2D dataset was used to populate as a seed point in a defined
3D area covering all the 2D dataset under consideration. A 3D
velocity cube with values at each grid point was predicted from
the 2D velocity functions.

The SOVI method proposed by Ji et al. [5] can be summarized
in the following steps:

1) Computation of structure
2) Initial 3D picked velocity
3) Directional filtering along structural dip.

Reflection and transmission are inherent properties of a seismic
wave when it hits an interface. The reflection and transmission process
takes place differently for different subsurface geological settings. The
seismic acquisition direction affects the reflection and attenuation of
seismic waves [24]. Therefore, the different 2D vintages of seismic
data will have a combination of seismic data traveled with
distinctive reflection and attenuation than any 3D seismic data
acquired at once. Also, these velocities are from different vintages
that were estimated over relatively different seismic data and
therefore may not always be the best estimate.

Note that in the work of Ji et al. [5], they had their data from
a single seismic data acquisition, therefore for any existing bias
in their dataset can make the whole output affected by the
bias [25].

Ji et al. [5] used their study data from 3D land seismic data.
The geophysical challenges in land seismic data acquisition are
always a great deal compared to the marine seismic data [26].
The imaging of any horizon in marine seismic data is almost
always better than land seismic. The reflection is always poor in
land seismic when compared to the marine seismic and
therefore a velocity estimate in marine seismic will always be a
better estimate in marine seismic data when compared to land
seismic data [27].

3.2. Research procedure

The data under study went through pre-processing and after
thorough analysis 73 lines were selected within an area that was
considered as the final extent of 3D volume.

Figure 1 shows an example of a velocity for a 2D line defined
by location and the values of velocity at different times at the
location 780.

With these velocity profiles for the 72 lines, we mapped them on
their geospatial location. On the surface, each velocity location is
considered as a point in the dataset and these points are at an
interval of 1 km to the nearby velocity location of the same line
(Figure 2). A polygon was defined to select the data for
conversion from 2D to 3D (Figure 2).
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Figure 1
Example of a velocity dataset for a 2D line
cmp TIME VRMS
b 620.0
< 780.0
49.34 1502.0
141.7 1881.0
234.3 2113.0
334.6 2301.0
427.2 2378.0
562.2 2445.0
751.2 2589.0
948.0 2754.0
1083.0 2909.0
1280.0 3053.0
1469.0 3197.0
1612.0 3374.0
1821.0 3619.711374457461
2404.0 4128.0
2596.0 4269.91659867382
3014.0 4518.0
3950.0 4895.0594331091515
4586.0 5072.289085505959
5755.0 5330.302397910568
6534.0 5467.018814317397
7605.0 5626.262728788946
8470.0 5738.244298819962
9199.0 5826.585851701545
b 940.0
> 1100.0
b 1260.0

Figure 2
2D dataset data under consideration with polygon

T Conned geom N O]

The data beyond the polygon were removed from the study
because this extension is a representation of only a 2D dataset in
the absence of more seismic lines (Figure 3).

Note that within any 2D seismic line, the velocity locations are
1 km apart, but any two seismic lines are neither of same length nor
always parallel and equidistant. There are lines that intersect each
other as well.

A 3D seismic grid [6] was defined based on the X and Y
coordinates of the seed points. The 3D grid was defined as
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Figure 3
Defined 3D area from the selected 2D dataset
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200 m x 200 m cells. This means the final 2D velocity volume will
have a velocity location at every 200 m in each direction (North,
South, East, and West). The 3D grid definition also converts the
X-Y coordinates into an inline-crossline (inline — xline) defined
grid. Figure 4 shows an example of a 3D grid of 200 m X 200 m
with defined inline-crossline and their X-Y coordinates.

Figure 4
Defined 3D area from the selected 2D dataset

iline 9334
iline 8785
iline 8236
iline 7687
iline 7138

iline 6589

8.000,000

iline 6040
iline 5491
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L

iline 3844
iline 3295
iline 2746
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7.000.000

iline 1648
iline 1099

iline 550

2,000,000

1,000,000

The next step is to consider the horizon-based attribute. Water
bottom is the first and most important structure in marine seismic that
separates the earth’s crust from ocean water [6]. Figure 5 shows that,
along with the water bottom, four more structures were defined to

Figure 5
Seismic section with structures

guide the velocity interpolation within a line. It is important to
have important structures defined, this will help even if the
seismic data do not have a high resolution, then having these
horizons for all the lines would help in stabilizing the velocity
prediction across the area.

Figure 6 shows the time-consuming, manually picked 2D
seismic velocity at respective locations along with the four
horizons. Figure 6 is a display of sample-based and horizon-based
attribute on a seismic section.

Figure 6
Velocity and horizon display

The manually picked velocities and structures of 2D were used
as seed points after repositioning them into the defined 3D grid and
then into fully populated grid points of 3D volume of velocity and
horizons for all the dataset under consideration.

The next step is the structural velocity interpolation of the velocity.
The structural velocity interpolation considers the dip of the dipping
structures within the data and, the dip is basically the change in the
structure over distance [28]. With the data ready to train the
regression model with the predefined velocity ranges to be populated
over the 3D volume, we have

1) Structural information over the complete available dataset in the
3D volume
2) Velocity seed populated over the 3D grid.

Now we can apply directional filtering on velocities over the
structures in the 3D domain and use anti-leakage Fourier
transform method [29] for the regression model of velocity
prediction across all the 3D bin for one velocity location in each
bin along with SOVI to the whole 3D dataset. Figure 7 is a
zoomed display of the position of each velocity location at
200 m in each of the four directions (North, South, East and West).

Oppermann et al. [30] proposed a TimeElide, which can be used as
an analysis tool for a time-value pair of attributes. This visualization is

Figure 7
Velocity location at 200 m x 200 m 3D grid

sl
bl
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also known as time slice. A time slice visualization of 3D data gives the
values of an attribute under consideration at a constant time over the
spread of X and Y coordinates [31]. A change in the attribute
denotes a change in structural pattern. The change in velocity of the
following structures was observed on time slices taken over different
times. Figure 8 shows the time slices of predicted velocity values at
different times (shallow to deep).

Figure 8
(a) Predicted 3D velocity volume at time 500 ms and (b) predicted
3D velocity volume at time 2000 ms

(b)

The color bar is shown for the velocity value range, and we
cannot use a constant velocity colormap because the velocity
values are continuously increasing because the seismic wave
velocity continuously increases with depth [32].

3.3. Ethics statement

The data under consideration come from the analysis of the
open file dataset from the data repository of Geoscience Australia.
If data are categorized as an “open” dataset, it means that the data
are available for everyone for use or access and the data are also
available to share. The Australian government encourages all its
agencies to make their data available publicly [33]. Therefore, the
data used in this research work are freely available to download.
We do not need any permission to work on this data. Also, the
research work was done in the absence of any kind of commercial
or financial relationship with any party. This keeps us safe from
any potential conflict of interest.

4. Results

Figure 9 shows the original and predicted velocity values over a
randomly selected 2D seismic line. The test results from Figure 9
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Figure 9
(a) Original picked 2D velocity overlayed on seismic and (b)
predicted velocity overlayed on seismic

show that the defined SOVI model can accurately pick the time-
velocity function that follows the geology of the data. The
intelligent prediction results are not very different from that of
manual picking. These seismic images have consistent structural
information.

Also, at the start of the line (left side of the image), the overlaid
velocity does not look as good as it is for the rest of the line. This is
caused by the edge effects, where not enough seeds are available to
train the program for a structurally consistent velocity
prediction [34].

Except for the edge effect, the predicted velocity function over
the complete line looks more structurally consistent with that of
manual picking shown in Figure 9(a).

To verify the quality of the interpolated velocity, we will do
the final imaging of the 2D seismic for both velocities. The final
imaging is basically a process to replace the reflection events
with their true subsurface locations on the seismic section, this
process is called migration [35]. Figure 10 shows the imaging
result from the two velocities. The image at the left is from the
original picked 2D velocity, and the image at the right is from
the predicted velocities.

The detailed and local structures, like the deep high-velocity
structure  (Figure 10(a)), the shallow weak reflection
(Figure 10(b)), and the mid-detailed high amplitude structure
(Figure 10(c)), are also well-imaged by using our prediction
method. The imaging with the predicted velocity confirms that the
imaged seismic structure is similar and can be used for further
exploration work.
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Figure 10
(a) Both imaging output look almost similar, (b) the edge effect
on velocity translated on imaging, and (c) almost similar imaging
of fine geological details

5. Discussion

The quality of the seismic image can be limited by the edge
effect, and therefore, a real 3D input will always be relatively
better imaged than a 2D. When it comes to imaging seismic data,
2D imaging always struggles to position the seismic reflection at
its place; therefore, seeds from 2D velocity may not always be the
best starting point. But the SOVI method considers the structural
dipping in all the directions (depending upon the initially
available data) and therefore helps to obtain a reliable prediction
of the velocity function.

Usually, when velocities are manually picked, the picking
process requires extensive human intervention [36]. Hence, it is a
labor-intensive, time-consuming, repetitive, and prone to human
errors process, and it needs enough time for a large 3D volume or
big 2D seismic. The velocity picking is done a minimum of three
times in any seismic data processing project. A geophysicist with
extensive experience is ideally expected to pick 150-200 velocity
locations in a day, depending upon the complexity of the seismic in
the study area. Although it is expected to manually pick seismic

Table 1
Estimation of days for manual picking of seismic velocity

Days for 1 km Days for three
Seismic  velocity location ~ passes of picking  Total weeks
1500 10 30 6
3000 20 60 12
4500 30 90 18

velocity for almost 150 to 200 velocity locations per day, but it is
not achievable if someone is going assiduously through the details
of seismic velocity.

Table 1 presents an estimate of the number of days for velocity
picking, where the first column seismic represents the number of
locations needed to be picked at an interval of 1 km. Please note
that in current times a survey with up to 3000 picks at an interval
of 1 km is considered a small survey.

The number of weeks represents how time-consuming is the process
of velocity picking. This clearly shows that a 2-km velocity picking will
half the time and 3 km will make it one-third. But if we are using 2-km
manual picking and then using the SOVI method, then we can make
the velocity picking estimate almost five to six times faster.

The velocity prediction with SOVI method after all the necessary
input and pre-processing does not take more than a few hours. The pre-
processing is dependent on the desired grid of velocity prediction.

The input in the study was spatially irregular because of being
2D. The proposed method can be easily extended to any 3D seismic
dataset velocity estimation without going into the hassle of 2D to 3D
data conversion. The 3D data input will not create any edge effect
because of the regularity in sample point.

6. Conclusion

The input data being irregularly sampled did not deteriorate the final
prediction of velocities, because of careful pre-processing and data
analysis. This shows the preparation of data for initial seed to train the
model has played an important role. All in all, the method explained
in this work can replace the manual picking of velocity after the
sparse initial analysis. This process improves the efficiency of the
seismic data processing project, frees up manpower, and significantly
enhances the accuracy of predicted seismic velocities. This proposed
method has the advantages of automation and efficiency and is
extremely easy to implement in any seismic data processing project.

Acknowledgments

This work was supported by Velseis Pty Ltd, Brisbane. Velseis
Pty Ltd is an Australian seismic exploration company providing a
fully integrated range of seismic technologies.

Conflicts of Interest

The authors declare that they have no conflicts of interest to this
work.

Data Availability Statement
The data that support the findings of this study are openly

available in Australian Government at https://www.finance.gov.
au/government/public-data/public-data-policy-initiatives.

55


https://www.finance.gov.au/government/public-data/public-data-policy-initiatives
https://www.finance.gov.au/government/public-data/public-data-policy-initiatives

Journal of Data Science and Intelligent Systems

Vol. 3

Iss. 1 2025

Author Contribution Statement

Vikash Tripathi: Conceptualization, Methodology, Software,
Validation, Formal analysis, Investigation, Resources, Data curation,
Writing — original draft, Visualization. Michael Baron:
Conceptualization, Methodology, Validation, Formal analysis,
Investigation, Resources, Data curation, Writing — review &
editing, Supervision, Project administration.

References

[1] Etgen, J., Gray, S. H., & Zhang, Y. (2009). An overview of
depth imaging in exploration geophysics. GEOPHYSICS,
74(6), WCAS-WCA17. https://doi.org/10.1190/1.3223188

[2] Alsadi, H. N. (2017). Seismic hydrocarbon exploration: 2D
and 3D techniques. Germany: Springer.

[3] Zhang, B., Zhao, T., Qi, J., & Marfurt, K. J. (2014). Horizon-based
semiautomated nonhyperbolic velocity analysis. GEOPHYSICS,
79(6), U15-U23. https:/library.seg.org/doi/10.1190/ge02014-
0112.1

[4] Zhang, H., Zhu, P., Gu, Y., & Li, X. (2019). Automatic velocity
picking based on deep learning. SEG Technical Program
Expanded Abstracts 2019, 2604-2608. https://doi.org/10.
1190/segam2019-3215633.1

[5] Ji, X, Fe, T. W., Luo, Y., & Han, S. (2018). Image-guided velocity
interpolation using a mask cube. SEG Global Meeting Abstracts,
552-555. https://doi.org/10.1190/1GC2018-135

[6] Yilmaz, O. (2001). Seismic data analysis: Processing, inversion,

and interpretation of seismic data. USA: Society of Exploration

Geophysicists. https://doi.org/10.1190/1.9781560801580

Manzi, M. S., Gibson, M. A., Hein, K. A., King, N., &

Durrheim, R. J. (2012). Application of 3D seismic

techniques to evaluate ore resources in the West Wits Line

goldfield and portions of the West Rand goldfield, South

Africa. GEOPHYSICS, 77(5), WC163—-WC171. https://doi.

org/10.1190/ge02012-0133.1

Chen, Q., & Sidney, S. (1997). Seismic attribute technology for

reservoir forecasting and monitoring. The Leading Edge, 16(5),

445-448. https://doi.org/10.1190/1.1437657

Hampson, D. P., Schuelke, J. S., & Quirein, J. A. (2001). Use of

multiattribute transforms to predict log properties from seismic

data. GEOPHYSICS, 66(1), 220-236. https://doi.org/10.1190/

1.1444899

Schmidt, J., & Hadsell, F. A. (1992). Neural network stacking

velocity picking. SEG Technical Program Expanded Abstracts

1992, 18-21. https://doi.org/10.1190/1.1822036

Fish, B. C., & Kusuma, T. (1994). A neural network approach

to automate velocity picking. SEG Technical Program

Expanded Abstracts 1994, 185-188. https://doi.org/10.1190/

1.1822888

[12] Calderén-Macas, C., Sen, M. K., & Stoffa, P. L. (1998).

Automatic NMO correction and velocity estimation by a
feedforward neural network. GEOPHYSICS, 63(5),
1696—1707. https://doi.org/10.1190/1.1444465

[13] Smith,K.(2017). Machine learning assisted velocity autopicking.

SEG Technical Program Expanded Abstracts 2017, 5686—5690.
https://doi.org/10.1190/segam2017-17684719.1

[14] Ma, Y., Ji, X.,Fei, T. W., & Luo, Y. (2018). Automatic velocity

picking with convolutional neural networks. SEG Technical

[7

—

—
[e e}
[}

—
O
—

[10

—

[11

—_

56

Program Expanded Abstracts, 2066-2070. https://doi.org/10.
1190/segam2018-2987088.1

[15] Biswas, R., Vassiliou, A., Stromberg, R., & Sen, M. K. (2018).
Stacking velocity estimation using recurrent neural network.
SEG Technical Program Expanded Abstracts 2018,
2241-2245. https://doi.org/10.1190/segam2018-2997208.1

[16] Schnelle, T., & Engel, A. (1991). Robustness and information
capacity of learning rules for neutral network models. Physics
Letters A, 156(1-2), 69-75. https://doi.org/10.1016/0375-
9601(91)90128-U

[17] Pedersen-Tatalovic, R., Uldall, A., Jacobsen, N. L., Hansen,
T. M., & Mosegaard, K. (2008). Event-based low-frequency
impedance modeling using well logs and seismic attributes.
The Leading Edge, 27(5), 592—603. https://doi.org/10.1190/
1.2919576

[18] Whiteside, W., Wang, B., Bondeson, H., & Li, Z. (2013). 3D
imaging from 2D seismic data, an enhanced methodology. SEG
Technical Program Expanded Abstracts 2013, 3618-3622.
https://doi.org/10.1190/segam2013-1148.1

[19] Duchesne, M. J., Claprood, M., & Gloaguen, E. (2012).
Improving seismic velocity estimation for 2D poststack time
migration of regional seismic data using kriging with an
external drift. The Leading Edge, 31(10), 1156—-1166. https:/
doi.org/10.1190/tle31101156.1

[20] Yao, X., Wang, Q., Liu, Z., & Hu, G. (2015). Fast 3D
kriging interpolation using Delaunay tetrahedron with
CUDA-enabled GPU. In 2015 SEG Annual Meeting,
SEG-2015-5889166. https://doi.org/10.1190/segam2015-
5889166.1

[21] Hale, D. (2009). Image-guided blended neighbor inter-
polation of scattered data. In 2009 SEG Annual Meeting,
SEG-2009-1127.

[22] Zabihi Naeini, E., & Hale, D. (2015). Image-and horizon-
guided interpolation. GEOPHYSICS, 80(3), V47-V56.
https://doi.org/10.1190/ge02014-0279.1

[23] Koren, Z., & Ravve, 1. (2006). Constrained dix inversion.
GEOPHYSICS, 71(6), R113-R130. https://doi.org/10.1190/1.
2348763

[24] Cormier, V. F. (1989). Seismic attenuation: Observation and
measurement. In D. E. James (Ed.), Encyclopedia of solid
earth geophysics (pp. 1005-1018). Springer. https://doi.org/10.
1007/0-387-30752-4_122

[25] Wang, N., Montagner, J. P., Burgos, G., Capdeville, Y., &

Yu, D. (2015). Intrinsic versus extrinsic seismic anisotropy:

Surface wave phase velocity inversion. Comptes Rendus

Geoscience, 347(2), 66-76. https://doi.org/10.1016/j.crte.

2015.02.010

Onwubuariri, C. N., Al-Naimi, L. S., Jjeh, B. 1., Mgbeojedo,

T. I, Igboekwe, M. U., & Nnanna, L. A. (2021).

Investigation of geophysical challenges in land seismic

data acquisition in Nigeria: Case study of parts of the Niger

Delta region. Journal of Petroleum Exploration and

Production, 11(2), 587-599. https://doi.org/10.1007/s13202-

020-01054-5

[27] Wilson, M. E., Wah, E. C. E., Dorobek, S., & Lunt, P. (2013).
Onshore to offshore trends in carbonate sequence development,
diagenesis and reservoir quality across a land-attached shelf in
SE Asia. Marine and Petroleum Geology, 45, 349-376.
https://doi.org/10.1016/j.marpetgeo.2013.03.011

[26

—_


https://doi.org/10.1190/1.3223188
https://library.seg.org/doi/10.1190/geo2014-0112.1
https://library.seg.org/doi/10.1190/geo2014-0112.1
https://doi.org/10.1190/segam2019-3215633.1
https://doi.org/10.1190/segam2019-3215633.1
https://doi.org/10.1190/IGC2018-135
https://doi.org/10.1190/1.9781560801580
https://doi.org/10.1190/geo2012-0133.1
https://doi.org/10.1190/geo2012-0133.1
https://doi.org/10.1190/1.1437657
https://doi.org/10.1190/1.1444899
https://doi.org/10.1190/1.1444899
https://doi.org/10.1190/1.1822036
https://doi.org/10.1190/1.1822888
https://doi.org/10.1190/1.1822888
https://doi.org/10.1190/1.1444465
https://doi.org/10.1190/segam2017-17684719.1
https://doi.org/10.1190/segam2018-2987088.1
https://doi.org/10.1190/segam2018-2987088.1
https://doi.org/10.1190/segam2018-2997208.1
https://doi.org/10.1016/0375-9601(91)90128-U
https://doi.org/10.1016/0375-9601(91)90128-U
https://doi.org/10.1190/1.2919576
https://doi.org/10.1190/1.2919576
https://doi.org/10.1190/segam2013-1148.1
https://doi.org/10.1190/tle31101156.1
https://doi.org/10.1190/tle31101156.1
https://doi.org/10.1190/segam2015-5889166.1
https://doi.org/10.1190/segam2015-5889166.1
https://doi.org/10.1190/geo2014-0279.1
https://doi.org/10.1190/1.2348763
https://doi.org/10.1190/1.2348763
https://doi.org/10.1007/0-387-30752-4_122
https://doi.org/10.1007/0-387-30752-4_122
https://doi.org/10.1016/j.crte.2015.02.010
https://doi.org/10.1016/j.crte.2015.02.010
https://doi.org/10.1007/s13202-020-01054-5
https://doi.org/10.1007/s13202-020-01054-5
https://doi.org/10.1016/j.marpetgeo.2013.03.011

Journal of Data Science and Intelligent Systems

Vol. 3

Iss. 1 2025

[28] Lin, J. W., & Holloway, T. C. (1988). 3-D seismic gridding.
SEG  Technical Program Expanded Abstracts 1988,
1301-1304. https://doi.org/10.1190/1.1892519

[29] Xu,S., Zhang, Y., & Lambaré, G. (2010). Antileakage Fourier
transform for seismic data regularization in higher
dimensions. GEOPHYSICS, 75(6), WB113—-WB120. https://
doi.org/10.1190/1.3507248

[30] Oppermann, M., Liu, L., & Munzner, T. (2021). TimeElide:

Visual analysis of non-contiguous time series slices. In 2021

IEEE Visualization Conference, 41-45. https://doi.org/10.

1109/VIS49827.2021.9623320

Pilikos, G., & Faul, A. C. (2017). Bayesian feature learning

for seismic compressive sensing and denoising.

GEOPHYSICS, 82(6), 091-0104. https://doi.org/10.1190/

£e02016-0373.1

[32] Nanda, N. C. (2021). Seismic data interpretation and
evaluation for hydrocarbon exploration and production: A

[31

—_

practitioner’s  guide.
Publishing.

[33] Australian Government. (2021). Public data policy. Retrieved
from:  https://www.finance.gov.au/government/public-data/
public-data-policy-initiatives

[34] Al-Shuhail, A., & Al-Dossary, S. (2020). Attenuation of
incoherent seismic noise. Germany: Springer.

[35] Dondurur, D. (2018). Acquisition and processing of marine seismic
data. Netherlands: Elsevier. https:/doi.org/10.1016/C2016-0-01591-7

[36] AlAlL, A., & Anifowose, F. (2022). Seismic velocity modeling in the
digital transformation era: A review of the role of machine learning.
Journal of Petroleum Exploration and Production Technology, 12,
21-34. https://doi.org/10.1007/s13202-021-01304-0

Switzerland: Springer International

How to Cite: Tripathi, V., & Baron, M. (2025). Establishing the Gap Between
Manually Picked and the Predicted Seismic Velocity. Journal of Data Science and

Intelligent Systems, 3(1), 50-57. https://doi.org/10.47852/bonviewJDSIS32021566

57


https://doi.org/10.1190/1.1892519
https://doi.org/10.1190/1.3507248
https://doi.org/10.1190/1.3507248
https://doi.org/10.1109/VIS49827.2021.9623320
https://doi.org/10.1109/VIS49827.2021.9623320
https://doi.org/10.1190/geo2016-0373.1
https://doi.org/10.1190/geo2016-0373.1
https://www.finance.gov.au/government/public-data/public-data-policy-initiatives
https://www.finance.gov.au/government/public-data/public-data-policy-initiatives
https://doi.org/10.1016/C2016-0-01591-7
https://doi.org/10.1007/s13202-021-01304-0
https://doi.org/10.47852/bonviewJDSIS32021566

	Establishing the Gap Between Manually Picked and the Predicted Seismic Velocity
	1. Introduction
	2. Literature Review
	2.1. Theoretical framework

	3. Research Methodology
	3.1. Research design
	3.2. Research procedure
	3.3. Ethics statement

	4. Results
	5. Discussion
	6. Conclusion
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.3
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Preserve
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages true
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth 4
  /MonoImageDownsampleThreshold 1.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects true
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (U.S. Web Coated \050SWOP\051 v2)
  /PDFXOutputConditionIdentifier (CGATS TR 001)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /ENU ()
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (U.S. Web Coated \(SWOP\) v2)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements true
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /UseName
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


